

Dear Editors,

This manuscript is an enhanced version of a conference paper entitled “Automatically Select Emotion for Response via Personality-affected Emotion Transition” in the Findings of the Joint Conference of the 59th Annual Meeting of the Association for Computational Linguistics and the 11th International Joint Conference on Natural Language Processing (ACL-IJCNLP 2021). No conflict of interest exists in the submission of this manuscript, and all listed authors have approved the enclosed manuscript.

We have made substantial revisions to the conference paper, and the main differences are (1) we further investigate the theoretical support of our method and change our model from Personality-affected Emotion Transition into Personality-affected Mood Transition. (2) we revised the analysis of our proposed dataset according to the newly added mood-transition aspect. (3) we conduct more extensive experiments including case studies to validate our method in different angles. 
We will list the detailed differences in our manuscript below:

1. [bookmark: OLE_LINK3][bookmark: OLE_LINK4]In the Introduction section, we add the challenge issue analysis of our proposed research task in the fourth paragraph.
2. In the Preliminaries section, instead of simply introducing emotion and personality in the Valence-Arousal-Dominance (VAD) space, we systematically introduce the concepts of personality, mood-state, and emotion. Besides, we also introduce the theoretical model of projecting them into the VAD space to construct their relevance.
3. In the Methodology section, we change the modeling of personality-affected emotion transition into personality-affected mood transition regression. Besides, we add the theoretical analysis to support the new model design. In the
4. 


5. we add more explanations of the background, our motivation, methods, and experiments, and reorganize the structure of this section (page 2-5). Besides, we add a section ”Objectives and contributions”.
6. In the Related Work section, we introduce more references about the automatic text summarization in subsection 3.1 (page 6). In this manuscript, we adopt and compare more key phrase extractors and introduce them in a new subsection 3.2 ”Key phrase extraction” (page 7-8). Besides, we add the fourth section ”Preliminaries” to briefly introduce the architecture and attention mechanisms of the original transformer model (page 8-9). 
7. In the fifth section ”Proposed method”, we add subsection 5.1 to introduce our data prepa- ration operations, including the input document pre-processing and the phrase importance assessment (page 10-11). We also add a figure (Fig. 2) to illustrate the workflow of our proposed method (page 11).
8. In subsection 5.2, we change the way to deal with overlapping or nested phrases when building the highlighting matrix (page 14). Before combining self-attention weights with these phrases’ importance scores, we design and conduct the block-wise linear transformation on the block diagonal highlighting matrix (page 15) to adjust the contributions of key phrases’ importance scores. Besides, we add more descriptions and a figure (Fig. 3) of our model’s architecture (page 12-13). And we add a figure (Fig. 4) to depict our proposed highlighting attention mechanisms (page 14).
9. We add the sixth section ”Datasets” to introduce two summarization datasets we used (page 17). In addition to the multi-document summarization dataset named Multi-News, we also train and test our model on a single document summarization dataset named PubMed in this manuscript.
10. In the seventh section ”Experiments”, we do some statistics and conduct specific preprocess- ing operations on the PubMed dataset (page 18-19). Besides, we add more descriptions of baseline models (page 20-21) and evaluation metrics (page 21-23) used in our experiments.
11. In Section ”Results and discussion”, we add results of the automatic evaluation and human evaluation on the PubMed dataset (page 24-26). And we also update the evaluation results of our revised model (page 24-26). There are more experiments and analyses of introducing different numbers of key phrases from different key phrase extractors into our proposed model (page 27-28). Besides, we add an ablation study on removing the block-wise linear transformation in our revised model (page 28-29).



